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DT-CNN: Dilated and Transposed Convolutional Neural Network
Accelerator for Real-time Image Segmentation on Mobile Devices

Dongseok IM, Donghyeon Han, Sungpill Choi, Sanghoon Kang, and Hoi-Jun Yoo

School of Electrical Engineering
Korea Advanced Institute of Science and Technology
Daejeon, South Korea

[ Motivation & Introduction [ [ Zero-skip using the Delay Cell [

Application for Image Segmentation Dilated and Transposed Convolution Accelerator (DT-CNN)
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ROIl-based Segmentation with Dilation Rate Adjustment Layout Photograph & Performance Summary

This Work
* Technology 65 nm
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Clock Frequency 200 MHz
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Implementation Results of Dilation Rate Adjustment
Visual Results of Image Segmentation*
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